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A B S T R A C T

Purpose: The present study examines the dual-edged role of Artificial
Intelligence (AI) in influencer marketing, with a focus on the Indian digital
ecosystem. It seeks to understand how AI tools enhance campaign precision
and ROI while simultaneously raising ethical concerns related to
authenticity, data privacy, algorithmic bias, and deepfake misuse.
Design/Methodology/Approach: The study adopts a qualitative approach
using literature review and stakeholder interviews involving influencers,
marketers, and consumers. Case studies of brands such as Nykaa,
Mamaearth, and H&M are analyzed to demonstrate the application of AI-
based tools like sentiment analysis, chatbot-enabled engagement, and
influencer platforms (e.g., Qoruz, HypeAuditor) in campaign planning and
execution.
Findings: The findings reveal that while AI-driven influencer marketing
enables greater personalization, efficiency, and campaign performance, it
also tests ethical boundaries concerning influencer authenticity and
consumer trust. The study proposes a Responsible AI Framework comprising
transparency in influencer disclosures, ethical AI audits, and human
oversight in campaign decisions.
Research Limitations: The study is limited to qualitative insights from
selected Indian brands and stakeholders, which may restrict generalizability
across diverse industries or geographies. Further research could extend
the framework by incorporating quantitative measures of consumer trust
and AI adoption across global markets.
Managerial Implications: For practitioners, the study underscores the
need to balance efficiency with ethics in AI-enabled campaigns. Managers
must adopt responsible AI practices to safeguard consumer trust, particularly
among Gen Z audiences, who are highly tech-savvy and socially conscious.
Originality/Value: The study contributes to the limited literature on AI in
influencer marketing within India, offering a practical ethical framework
that integrates technology adoption with value-based digital trust. It
highlights how brands can sustain long-term consumer engagement by
aligning AI innovations with ethical considerations.
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Introduction 
The fusion of Artificial Intelligence (AI) with 
influencer marketing has redefined the strategic 
contours of digital engagement. By automating 
tasks, enhancing precision in audience targeting, 
and optimizing campaign performance, AI now 
plays a pivotal role in how brands connect with 
consumers in the digital space. 

AI-Driven Transformation in Influ- 
encer Marketing 
The marketing industry benefits from AI 
technology, which provides predictive analytics 
and audience segmentation, and performance 
forecasting capabilities. Research conducted in 
recent times shows that big data analytics together 
with AI systems and influencer networks help 
brands create viral influencer campaigns through 
real-time data analysis and network-based effects 
(Theodorakopoulos et al., 2025). Research about 
influencer marketing from previous studies 
demonstrates that brands achieve better results 
through data-based and technological methods 
which help them pick better influencers and run 
more successful campaigns (Aw & Agnihotri, 
2024). AI tools use machine learning and natural 
language processing, and data mining to analyze 
extensive social media content, which helps brands 
select influencers who match specific behavioral 
patterns and engagement records and target 
specific audience characteristics (Belanche et al., 
2024). The strategic alignment through this 
method leads to better cost management and 
higher return on investment for influencer 
marketing campaigns. 

Emergence of Virtual Influencers: A 
New Digital Frontier 
Virtual influencers represent a transformative yet 
disputed outcome of AI implementation in this field 
because they are digital characters created 
through computer algorithms to function like 
human beings on social media platforms. The 
virtual influencer Lil Miquela from the USA and 
Kyra from India represent examples of digital 
characters that use computer-generated technology 
to mimic human behavior on social media 
platforms. Research conducted before this study 
shows that data analytics and artificial intelligence 
progress has made it possible for brands to develop 
virtual influencers which they can use for strategic 

marketing purposes (Aziz et al., 2024). Virtual 
influencers enable brands to maintain complete 
control over their digital appearance and messa- 
ging, and behavioral consistency. The use of virtual 
influencers creates ethical problems because they 
enable deception and emotional control while 
making it difficult to distinguish between authentic 
and simulated experiences (Jin & Ryu, 2020). The 
emotional connection between consumers and 
marketing strategies makes these concerns 
particularly significant because trust remains 
essential for successful emotionally resonant 
marketing. 

Ethical and Psychological Challen- 
ges of AI Mediation 
The implementation of AI for content curation and 
sentiment analysis, and behavioral targeting has 
created multiple complex ethical problems that 
involve Data privacy and surveillance, Algorithmic 
bias and filter bubbles, and Opacity in decision- 
making processes. The established AI ethics frame- 
works support these concerns because they require 
systems to provide transparent operations while 
being accountable for their actions and maintain- 
ing fair treatment of all individuals and upholding 
human self-determination (Floridi et al., 2018). The 
situation becomes more critical in India because 
its emerging market depends on young audience 
members who use Instagram and YouTube, and 
Moj to watch influencer content. AI’s wide influence 
on user content exposure creates doubts about how 
people maintain control over their digital lives and 
how they make informed purchasing decisions. 

The Centrality of Human Trust and 
Emotional Relatability 
The emotional aspects of influencer marketing, 
together with their relational elements, cannot be 
substituted by AI systems. The core elements of 
successful influencer-consumer relationships 
consist of trust, along with perceived authenticity 
and open communication. Research from the past 
few years shows that AI-created influencers create 
fake social signals yet people doubt their authenti- 
city when they discover that these interactions 
result from machine operations instead of human 
involvement (Güzel, 2024). The emotional connec- 
tion between consumers and influencers becomes 
less strong when AI mediation or virtual influen- 
cers without disclosure enter the content creation 
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process, which could harm marketing campaign 
success. Research shows that people tend to 
prioritize authenticity and personal connection 
over flawless technical execution (Kansra & Oberoi, 
2022). 

Research Aim and Relevance 
The research investigates how AI-based operational 
efficiency interacts with ethical accountability 
within influencer marketing systems. The 
research examines how three AI-related factors, 
personalization, authenticity, and transparency, 
affect consumer trust in the Indian digital 
marketing environment. The research examines 
the Indian market because it represents a fast- 
expanding demographic with distinct cultural 
characteristics. 

Literature Review 
The convergence of Artificial Intelligence (AI) and 
influencer marketing has emerged as a trans- 
formative shift in digital branding strategies. The 
existing literature spans multiple dimensions, 
including personalization, consumer trust, 
perceived authenticity, and ethical implications of 
AI-generated content. 

AI in Influencer Marketing 
AI technologies serve multiple functions in 
influencer marketing by helping identify influen- 
cers and optimize campaigns, and measure their 
audience engagement. According to (Belanche et 
al., 2024), AI technology helps brands identify 
audience preferences, which enables them to select 
appropriate influencers for better campaign results 
and return on investment. AI tools that combine 
natural language processing with predictive 
analytics help brands evaluate influencer-brand 
compatibility while forecasting their campaign 
outcomes. The AI-based platforms HypeAuditor 
and Qoruz help brands lower their campaign risks 
through their analysis of influencer credibility and 
fake follower detection, and engagement perfor- 
mance metrics. Research indicates that influencer 
marketing success requires influencers to create 
genuine brand connections through their perceived 
authenticity and relationship-building abilities in 
addition to traditional metrics of reach and 
analytics (Okonkwo & Namkoisse, 2023). The 
process of automated influencer selection through 
AI systems could potentially damage the emotional 

aspects that remain vital for consumer-influencer 
bond development (Jin & Ryu, 2020). 

Perceived Authenticity and Consu- 
mer Response 
The fundamental power of influencers stems from 
their authentic nature. People trust content that 
presents honest experiences and authentic 
opinions, and genuine values. AI-generated influen- 
cers together with heavily edited content tend to 
create artificial impressions that deceive audiences 
(Kansra & Oberoi, 2022). Research shows that AI 
content optimization leads to better relevance, but 
it makes messages seem less authentic to 
audiences. (Jin & Ryu, 2020) analyze how synthetic 
influencers such as Lil Miquela and Kyra create a 
contradictory effect by drawing interest yet 
producing doubt because their artificial nature 
lacks human emotions. Research about AI content 
generation shows that AI-generated content with 
algorithmic optimization improves message 
relevance and brand communication scalability but 
makes consumers perceive messages as less 
authentic and less emotionally resonant (Raut et 
al., 2024). The ongoing debate in AI marketing 
research focuses on the conflict between achieving 
operational efficiency and maintaining emotional 
connection with audiences. 

Transparency and Ethical Use of AI 
The maintenance of consumer trust depends 
heavily on making AI operations transparent to 
users. (Jain & Kumar, 2024) state that AI tools 
and avatars need to receive proper disclosure 
during marketing campaigns. Digital natives who 
value privacy strongly tend to view hidden opera- 
tions as manipulative because they lack trans- 
parency. Research conducted in recent times about 
ChatGPT and other generative AI tools used in 
influencer marketing demonstrates that brands 
must reveal their AI usage to protect their credi- 
bility and build trust with customers and maintain 
ethical marketing standards (Saini et al., 2024). 
New ethical frameworks have started to develop 
solutions for stopping data exploitation and algori- 
thmic prejudice, and deepfake deception. The 
implementation of ethical AI principles, which 
include explainability and accountability, and 
inclusiveness, should become standard practice for 
AI marketing operations according to (Belanche et 
al., 2024) and (Jain & Kumar, 2024). 
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Consumer Trust and Digital Influ- 
ence 
The three components of consumer trust include 
content credibility and influencer relatability, and 
brand consistency. The research by (Kansra & 
Oberoi, 2022) demonstrates that AI-based per- 
sonalization systems build trust through better 
content matching, yet this effect requires organi- 
zations to follow ethical data handling procedures. 
Research studies have shown that AI-powered 
analytics in influencer marketing create better 
consumer trust and brand loyalty through its 
ability to deliver appropriate brand-influencer 
interactions at the right time (Samanta et al., 
2025). The practice of over-personalization leads 
to privacy-related issues and emotional distress 
for users. The Indian social environment, where 
influencer culture thrives on community develop- 
ment and aspirational identity, makes trust 
function as both a social and emotional construct. 
AI tools need to achieve optimal results while 
maintaining the essential human element, which 
makes influencers successful. 

Research Gap 
While global literature has explored virtual 
influencers and algorithmic marketing, limited 
empirical studies have examined how Indian con- 
sumers perceive AI’s role in influencer campaigns. 
There is also a lack of integrative models analyzing 
the combined effect of personalization, authenti- 
city, and transparency on trust. This study addre- 
sses this gap using a structured regression model 
grounded in Indian consumer behavior. 

Research Objectives 
This study is guided by the following objectives: 

1. To assess the impact of perceived personali- 
zation on consumer trust in AI-based influen- 
cer marketing. 

2. To assess the impact of perceived authenticity 
on consumer trust in AI-based influencer 
marketing. 

3. To assess the impact of transparency on 
consumer trust in AI-based influencer 
marketing. 

4. To determine the combined influence of these 
variables on consumer trust in AI-based 
influencer marketing. 

Methodology 

Research Design and Approach 
This study adopts a quantitative, empirical 
research design to explore how AI-enabled 
features in influencer marketing impact 
consumer trust. A structured, survey-based 
approach was employed to collect standardized 
responses across a demographically diverse 
group of digitally active users. The primary 
goal was to statistically evaluate the effect of 
three independent variables- Perceived 
Personalization, Perceived Authenticity, and 
Transparency of AI Use- on the dependent 
variable, Consumer Trust in influencer mar- 
keting. The analysis was conducted using IBM 
SPSS Statistics 27 to perform multiple linear 
regression, emulating SPSS-style outputs to 
ensure replicability and statistical rigor. 

Population and Sampling Strategy 
The research focused on Indian people between 
18 and 35 years old who lived in Tier-1 and 
Tier-2 cities, including Delhi, Mumbai, 
Bengaluru, Pune, Jaipur, and Lucknow. The 
researchers chose these cities because they have 
high internet access and active social media 
engagement, and they were among the first to 
adopt AI-based technologies. The researchers 
selected this age range because Gen Z and 
Millennials, who lead influencer marketing 
trends, are part of this demographic. 

The research employed snowball sampling to 
start with participants from academic and 
professional networks, who then brought in 
additional suitable respondents. The research 
method enabled researchers to build an 
expanding pool of participants who shared 
similar characteristics. The research team 
obtained 200 usable responses for statistical 
evaluation. 

Instrumentation and Measurement 
Scales 
Data were gathered using a structured online 
questionnaire consisting of four multi-item 
scales aligned with the study’s conceptual 
framework: 

 Perceived Personalization (e.g., “The content I 
see from influencers is tailored to my pre- 
ferences”) 
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 Perceived Authenticity (e.g., “Influencers I 
follow appear genuine and sincere”) 

 Transparency of AI Use (e.g., “I am aware 
when AI tools are used in influencer recom- 
mendations”) 

 Consumer Trust (e.g., “I trust influencers who 
use AI-driven personalization ethically”) 

Each construct included three items, adapted 
from validated scales in prior literature and 
customized for the Indian context. Responses 
were recorded on a 5-point Likert scale, ranging 
from 1 (Strongly Disagree) to 5 (Strongly 
Agree), to measure varying degrees of consu- 
mer perception. 

Hypothesis 
The following hypotheses have been proposed for 
the study: 

H01: Perceived personalization does not have a 
significant impact on consumer trust in AI-based 
influencer marketing. 

H02: Perceived authenticity does not have a 
significant impact on consumer trust in AI-based 
influencer marketing. 

H03: Transparency does not have a significant 
impact on consumer trust in AI-based influencer 
marketing. 

Data Analysis Technique 
The dataset was analyzed using IBM SPSS 
Statistics 27 outputs. Key analysis steps included: 

 Descriptive statistics for demographic profiling 

 Reliability testing using Cronbach’s Alpha to 
ensure internal consistency ( = 0.835) 

 Multiple linear regression to assess the 
direction and strength of the relationships 
between the three predictors and consumer 
trust 

 Model diagnostics included Adjusted R² (0.735), 
F-statistic (184.746), and Standard Error 
(0.18677) to evaluate the model’s explanatory 
power and predictive efficiency. 

 The coefficients table revealed that Perceived 
Personalization (B = 0.411) had the strongest 

effect on Consumer Trust, followed by 
Perceived Authenticity (B = 0.335) and 
Transparency (B = 0.295), all statistically 
significant at the 0.001 level. 

These analyses confirmed that the model was 
statistically robust and explained 73.9% of the 
variance in consumer trust. 

Ethical Considerations 
The research was conducted all accordance with 
established ethical research protocols. All 
participants joined the study voluntarily while 
receiving complete details about research objectives 
and data handling procedures, and their freedom 
to leave the study at anytime. The research 
collected no information that could identify 
individual participants. The research protected 
participant confidentiality and data privacy while 
following all necessary human-subject research 
protocols for academic studies. 

Analysis and Interpretation 
The analysis of the dataset was conducted using 
multiple linear regression to assess the relationship 
between the three independent variables, perceived 
personalization, perceived authenticity, and 
transparency of AI use, and the dependent variable, 
consumer trust in influencer marketing. The 
results were generated using IBM SPSS Statistics 
27 output. 

Demographic Analysis 
Table No. 1 presents the demographic profile of 
respondents in terms of age, gender, and 
occupation. The sample is largely young and 
digitally active, with a near-balanced gender 
distribution and diverse occupational backgrounds, 
making it relevant for influencer marketing 
research. 

The demographic distribution shows equal numbers 
across all important segments. The 24-29 age range 
represents the biggest segment of participants at 
37% while 18-23 years old make up 35.5% of the 
total sample population. The gender distribution 
shows a balanced split between female and male 
participants at 49% and 42% while 9% of 
participants chose other or did not specify their 
gender. The study population consists mainly of 
students at 31% followed by business owners at 
25% and others at 23.5% and professionals at 
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Table No. 1: Frequency Table: Age, Gender, and Occupation 

 

Variable Category Frequency Percent Valid Percent Cumulative Percent 

Age 18-23 71 35.50% 35.50% 35.50% 

 24-29 74 37.00% 37.00% 72.50% 

 30-35 55 27.50% 27.50% 100.00% 

Gender Male 84 42.00% 42.00% 42.00% 

 Female 98 49.00% 49.00% 91.00% 

 Other/Unstated 18 9.00% 9.00% 100.00% 

Occupation Student 62 31.00% 31.00% 31.00% 

 Professional 41 20.50% 20.50% 51.50% 

 Business Owner 50 25.00% 25.00% 76.50% 

 Others 47 23.50% 23.50% 100.00% 

Source: Primary Data 

20.5%. The study population consists of digitally 
active young participants who represent diverse 
backgrounds, making them suitable for Indian 
influencer marketing research. 

Cross Tabulation Analysis 
Table No. 2 presents the cross-tabulation of demo- 
graphic variables with levels of engagement with 
influencers. The analysis highlights variations 
across age, gender, and occupation, offering 
insights into how different demographic groups 
interact with influencer content. This comparison 

 
provides a nuanced understanding of engagement 
intensity, which is essential for tailoring AI-enabled 
influencer marketing strategies to specific audience 
segments. 

The cross-tabulation reveals essential demographic 
characteristics of influencer engagement patterns. 
The 24-29 age group demonstrates the highest level 
of interaction, with the 18-23 age group following 
close behind. Female participants interact more 
often and daily than male participants, and users 
who identify as Other/Unstated show average levels 

Table No. 2: Cross-tabulation: Demographics Vs. Engagement with Influencers 
 

Variable Category Rarely Occasionally Frequently Daily Total 

Age 18-23 8 27 22 14 71 

 24-29 
30-35 

4 
4 

25 
19 

30 
21 

15 
11 

74 
55 

Gender Male 6 33 28 17 84 

 Female 9 30 37 22 98 

 Other/Unstated 1 8 8 1 18 

Occupation Student 3 21 25 13 62 

 Professional 5 13 17 6 41 

 Business Owner 3 20 19 8 50 

 Others 5 17 12 13 47 

Total  16 71 73 40 200 

Source: Primary Data 
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of activity. Students lead all occupations in terms 
of engagement, yet business owners and profe- 
ssionals also demonstrate significant interaction. 
The most active user groups for AI-enabled influen- 
cer marketing strategies consist of young adults 
and female users, and students. 

Table No. 3 presents the cross-tabulation of demo- 
graphic characteristics with respondents’ willing- 
ness to follow AI-generated influencers. The analy- 
sis highlights how age, gender, and occupation 
shape openness toward virtual influencers, offering 
valuable insights for identifying target groups in 
AI-driven marketing campaigns. 

The crosstab analysis reveals that people aged 
18-29 make up 80% of all “Yes” responses when it 
comes to following AI-generated influencers. The 
data shows that female participants (31) out- 
number male participants (27) who follow virtual 
influencers, yet “Other” respondents remain uncer- 
tain about their choices. The data shows students 
(22) and business owners (15) demonstrate the 
greatest willingness to follow AI influencers, but 

professionals show the least interest. The data 
shows that virtual influencer campaigns should 
focus on targeting young people and students, and 
female audiences, because they show the highest 
interest in AI-generated content. 

Reliability Analysis 
Table No. 4 presents the reliability analysis of the 
measurement scale. Reliability is important as it 
ensures consistency and accuracy of the items in 
measuring the intended constructs. 

To assess the internal consistency of the measure- 
ment scale used in the study, a reliability analysis 
was conducted on all 12 items corresponding to the 
four key constructs: Perceived Personalization 
(PP1-PP3), Perceived Authenticity (PA1-PA3), 
Transparency (TR1-TR3), and Consumer Trust 
(CT1-CT3). The Case Processing Summary indi- 
cates that all 200 responses (100%) were valid and 
included in the analysis, with no exclusions due to 
missing data, ensuring complete data integrity. 
The results of the Reliability Statistics show a 
Cronbach’s Alpha of 0.835, which exceeds the 

 
Table No. 3: Cross-tabulation: Demographics Vs. Follows AI-Generated Influencers 

 

Variable Category Yes No Not Sure Total 

Age 18–23 23 37 11 71 

 24–29 26 35 13 74 

 30–35 12 31 12 55 

Gender Male 27 40 17 84 

 Female 31 51 16 98 

 Other/Unstated 3 12 3 18 

Occupation Student 22 28 12 62 

 Professional 10 27 4 41 

 Business Owner 15 24 11 50 

 Others 14 24 9 47 

Total  61 103 36 200 

Source: Author’s own compilation 

Table No. 4: Reliability Analysis 
 

Cronbach’s Alpha N of Items 

0.835 12 

Source: Primary Data 
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acceptable threshold of 0.70, confirming a high 
level of internal consistency among the items. This 
suggests that the survey instrument reliably mea- 
sures the intended latent constructs and that the 
items are well-aligned in capturing consumers’ per- 
ceptions related to AI-driven influencer marketing. 

Model Summary Table 
Table No. 5 presents the model summary of the 
regression analysis. It provides key model fit 
indicators such as R, R², Adjusted R², and Standard 
Error of the Estimate, which assess the strength, 
explanatory power, and predictive accuracy of the 
model. 

The model summary showed an R value of 0.860, 
which demonstrated a strong positive relationship 
between the predictor variables transparency and 
perceived personalization, perceived authenticity, 
and the dependent variable consumer trust. The 
R² value of 0.739 indicates that the three predictors 
explain 73.9% of consumer trust variance, which 
demonstrates the model’s strong ability to explain 
behavioral and marketing phenomena. The 
Adjusted R² value of 0.735 confirms the model’s 
generalizability because it shows the predictive 
power remains consistent after accounting for the 
number of independent variables. The Standard 
Error of the Estimate (0.18677) indicates that the 
model produces accurate predictions because 
observed values match predicted trust scores with 
high precision. The model demonstrates a strong 
ability to identify essential factors that influence 
consumer trust in AI-driven influencer marketing, 
according to these results. 

ANOVA Table 
Table No. 6 presents the ANOVA results of the 
regression model. It evaluates the overall statistical 
significance of the predictors, confirming whether 
transparency, perceived personalization, and per- 
ceived authenticity collectively explain variation 
in consumer trust. 

The Analysis of Variance (ANOVA) results show 
that the regression model effectively predicts 
consumer trust through its overall statistical 
significance. The F-statistic reaches 184.746 with 
a p-value below 0.001, which proves the regression 
model’s strong statistical significance. The results 
show that one or more of the transparency and 
perceived personalization, and perceived authenti- 
city variables significantly influence consumer 
trust levels. The model explains 26.169 of the total 
variation through its regression sum of squares, 
which equals 19.332, and its residual sum of 
squares equals 6.837. The model demonstrates 
high predictive efficiency because the mean square 
for regression equals 6.444 and the mean square 
for residuals equals 0.035 with 3 degrees of freedom 
for regression and 196 degrees of freedom for 
residuals. The ANOVA results demonstrate that 
the regression model provides reliable and effective 
explanations for AI-driven influencer marketing 
phenomena. 

Coefficients Table 
Table No. 7 presents the regression coefficients of 
the predictor variables. It highlights the individual 
contribution of perceived personalization, perceived 
authenticity, and transparency in explaining varia- 

 
Table No. 5: Model Summary Table 

 

Model R R Square Adjusted R Square Std. Error of the Estimate 

1 0.860a 0.739 0.735 0.18677 

Source: Primary Data 

Table No. 6: ANOVA Table 
 

Model Sum of Squares df Mean Square F Sig. 

1 Regression 19.332 3 6.444 184.746 0.000b 

Residual 6.837 196 0.035   

Total 26.169 199    

Source: Primary Data 
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Table No. 7: Coefficients Table 

 

 Unstandardized 
Coefficients 

 Standardized 
Coefficients 

t Sig. 

 B Std. Error Beta   

(Constant) 0.021 0.182  0.116 0.908 

Perceived_Personalization 0.411 0.024 0.625 17.084 0 

Perceived_Authenticity 0.335 0.025 0.486 13.286 0 

Transparency 0.295 0.025 0.424 11.577 0 

Source: Primary Data 
 

tions in consumer trust within AI-enabled influen- 
cer marketing. 

The regression coefficients show how each predictor 
variable affects consumer trust in AI-enabled 
influencer marketing independently. The 
unstandardized coefficient for personalization 
shows a 0.411 unit increase in consumer trust for 
every one-unit increase in personalization while 
controlling for other variables (p < 0.001). The 
model shows personalization as its most influential 
factor because it has the highest standardized beta 
value of 0.625. The coefficient for perceived 
authenticity measures 0.335, and its beta value 
reaches 0.486 (p < 0.001), which demonstrates that 
authentic communication remains vital even when 
using AI systems. The coefficient for transparency 
equals 0.295, and its beta value equals 0.424 (p < 
0.001), which shows that AI usage disclosure leads 
to increased consumer trust and confidence. The 

constant term (B = 0.021, p = 0.908) shows no 
statistical significance, which indicates that 
predictors determine the baseline consumer trust 
level remains minimal. The three independent 
variables, personalization, authenticity, and 
transparency, demonstrated positive effects on 
consumer trust because all proposed study 
hypotheses received statistical support. The study 
results demonstrate that personalization, 
authenticity, and transparency create substantial 
positive effects on consumer trust when used in 
AI-based influencer marketing. 

The Path Diagram 
Figure No. 1 presents the path diagram derived 
from the multiple regression analysis. It depicts 
the direct effects of perceived personalization, 
perceived authenticity, and transparency on 
consumer trust, highlighting the strength and 
direction of these relationships. 

 

 

Figure No. 1: Path Diagram 

Source: Primary Data 
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The multiple regression analysis results from this 
study appear in the path diagram, which provides 
a visual representation. The diagram shows how 
Perceived Personalization (B = 0.411) and Per- 
ceived Authenticity (B = 0.335), and Transparency 
of AI Use (B = 0.295) directly affect Consumer 
Trust in influencer marketing. The analysis shows 
that AI-driven customization, which matches user 
preferences, creates the strongest positive effect 
on trust (B = 0.411). The positive effect of Perceived 
Authenticity (B = 0.335) demonstrates that con- 
sumers trust influencer content more when it 
appears authentic, even when AI algorithms create 
it. The variable Transparency of AI Use demon- 
strates a significant impact (B = 0.295) because 
disclosing AI usage leads to better ethical per- 
ceptions and increased trust. The diagram shows 
both the strength and direction of the relationships 
through its directional arrows. The positive coeffi- 
cients demonstrate that each predictor variable 
creates a positive effect on consumer trust, which 
supports the need to unite AI operational efficiency 
with authentic and transparent influencer mar- 
keting approaches. 

Conclusion 
The research results demonstrate that Artificial 
Intelligence (AI) functions as a technological tool 
that enables influencer marketing operations and 
serves as an ethical boundary for the industry. 
The multiple regression analysis shows that con- 
sumer trust increases when AI tools deliver 
personalized content while being authentic and 
transparent about their usage. The study shows 
that personalization through AI tools (B = 0.411) 
creates the strongest impact on consumer trust 
because customized content based on individual 
preferences leads to higher trust in influencer 
marketing campaigns. 

AI technology provides dual benefits to marketing 
operations by maximizing audience contact and 
creating personalized content that delivers genuine 
value to individual customers. The study shows 
that authenticity (B = 0.335) maintains its essen- 
tial value because people trust influencers who 
show genuine emotions even when technology 
stands between them. The study demonstrates that 
AI use disclosure through transparency (B = 0.295) 
builds ethical brand perception and increases 
credibility. 

The research results confirm previous studies, 
which demonstrate that AI should function as an 
assistance tool for human marketing communi- 
cation professionals (Jin & Ryu, 2020); (Kansra & 
Oberoi, 2022). The research supports the need for 
ethical management systems to oversee virtual 
influencer operations and automated content deli- 
very methods. The research of (Belanche et al., 
2024) and (Jain & Kumar, 2024) demonstrates that 
trust and transparency remain vital for maintain- 
ing consumer relationships in modern automated 
systems. 

The research supports the strategic value of 
responsible AI implementation in India because 
digital engagement continues to expand among Gen 
Z and millennials. Brands that show transparency 
about their AI usage in influencer discovery and 
campaign management will establish stronger long- 
term relationships with digital-first consumers. The 
strategic future of marketing depends on how 
companies handle the connection between artificial 
intelligence and ethical practices and consumer 
trust. The implementation of responsible AI 
systems in influencer marketing creates essential 
value for both regulatory compliance and building 
strong emotional brand relationships with custo- 
mers in our data-oriented world. 

Recommendations 
Based on the findings of this study and in align- 
ment with emerging global standards on ethical 
AI deployment, the following strategic recommen- 
dations are proposed for brands seeking to streng- 
then consumer trust through AI-enabled influencer 
marketing: 

1. Mandate AI Disclosure for Transparency: Given 
the significant influence of transparency (B = 0.295) 
on consumer trust, brands should implement a 
policy of mandatory disclosure whenever AI tools, 
algorithms, or virtual influencers are involved in 
marketing campaigns. Clear disclaimers such as 
“AI-generated content” or “influencer selected using 
AI” can reduce consumer skepticism and foster 
ethical clarity, especially as regulatory frameworks 
evolve (Oliveira-Castro & Marques, 2017). 

2. Establish Ethical AI Governance Frameworks: 
Organizations need to establish official governance 
systems for their AI operations to preserve 
customer trust. The organization should perform 
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algorithm audits and bias tests and maintain 
documentation about data handling methods used 
in influencer profiling and audience targeting. The 
combination of legal and marketing, and data 
science teams working together will help 
organizations control risks and maintain ethical 
AI standards (Veale et al., 2018). 

3. Balance Personalization with Privacy: The most 
influential factor for building trust in brands is 
perceived personalization, which reaches a value 
of B = 0.411. Brands need to develop personalization 
methods that respect consumer privacy through 
anonymized data collection and opt-in options, and 
complete GDPR and PDPB regulatory compliance. 
The use of hyper-targeted content must protect data 
privacy while delivering personalized experiences 
that meet customer needs without creating feelings 
of intrusiveness (Kapoor et al., 2018). 

4. Blend AI Efficiency with Human Authenticity: 
Brands should use authenticity (B = 0.335) as a 
key factor to enhance their AI-based targeting 
methods through authentic influencer storytelling. 
The process of content curation through AI re- 
quires influencers to work together with brands 
to create messages that maintain emotional 
connections with their audience. The combination 
of ethical content training for influencers with their 
involvement in campaign narrative development 
creates a link between artificial intelligence 
systems and human emotional connection. 

5. Educate Consumers to Foster Trust: AI system 
acceptance by consumers grows when users gain 
knowledge about their operational methods. 
Companies should create educational content that 
includes behind-the-scenes videos and algorithm 
explainers, and interactive tools to help customers 
understand AI operations. The practice of showing 
AI system operations leads users to believe the 
system operates fairly and makes them feel more 
in control of their experience (Belanche et al., 2024). 

Limitations of the Study 
The research provides essential information about 
AI usage in influencer marketing, but researchers 
need to recognize specific study restrictions. The 
research design with 200 participants from Tier-1 
and Tier-2 Indian cities restricts the ability to apply 
study results to other locations. The research 
focused on three variables, yet other elements, 

including algorithmic bias understanding and data 
protection issues, and cultural background differ- 
ences, might influence consumer trust in AI-based 
influencer marketing. The study focused on the 
Indian digital environment but failed to evaluate 
how different cultural groups perceive AI systems 
and trust them. 

Future Areas of Research 
Future research can pursue multiple directions for 
the expansion of this study. Research studies can 
perform cross-country analyses to understand how 
cultural factors and regulatory systems influence 
consumer trust in AI-powered influencer mar- 
keting. Research designs that span multiple time 
periods will enable scientists to monitor how consu- 
mer opinions about AI influencers transform as 
technology advances. The model requires additional 
variables for future research, which can include 
perceived risk and consumer literacy, and ethical 
AI awareness as mediating or moderating factors. 
The research can include participants from 
different age groups and professional backgrounds 
to achieve a more comprehensive understanding of 
the Indian market. The study can combine quali- 
tative research methods, including focus groups 
and ethnographic studies, to uncover the emotional 
and ethical aspects of consumer-AI interactions. 
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